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My first INEX...

» There mustbe a good reason

— Apparently, something in XML
retrieval urges the organisers to use
alternative recall-precision graphs...

— But what?

— How is the graph computed anyway?
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My first INEX...

kens i the XML element, where a token is either a word

a tag. This means that the svstem will prefer bigger el-
pents, 1.e. elements higher up the XML tree, over smaller
ments. A third experiment uses a prior that is some-
here in between the two extremes. The prior is defined
v P{X) = 100+ number of tokens in the XML element.
f course, the priors should be properly scaled, but the ex-
t scaling does not matter for the purpose of ranking. We
rpothesise that the system using the length prior will out-
briorm the baseline system

3 Evaluation results

This section presents the evaluation results of three re-
teval approaches (no prior, ‘half” prier, and length prior)
1 two query sets (content-only, and eontent-and-serneture),
llowing two evalnation methods (strict and liberal). We
ill report for each combination the precision at respectively
10, 15, 20, 30 and 100 documents retrieved.

frict evaluation

ble 1 shows the results of the three experiments on the
mtent-only queries following the strict evaluation. The
ecision values are averages over 22 queries. The results
Low an impressive improvement of the length prior on all
i-off values. Apparantly, if the elements that need to be
trieved are not specified in the query, users prefer larger
lements over smaller elements.

precision | no prior | ‘half” prior [ length prior
at b 0.1130 0.1391 0.4261
at 10 0.0957 0.1304 0.3609
at 15 0.0957 0.1333 0.3304
at 20 0.1000 0.1152 0.3000
at 30 0.1087 0.1232 0.2812
at 100 0.0896 0.1222 0.2065

Table 3: Results of content-only (CO) runs with li-
beral evaluation

Table 4 shows the results of the three experiments on the
content-and-structure queries following the liberal evalua-
tion. The precision values are averages over 28 queries. The
length prior again shows better performance on all cut-off
values. Note that the content-only task and the content-
and-structure task show practically equal performance if the
liberal evaluation procedure is followed.

precision | no prior | ‘half” prior [ length prior
at 5 0.2429 0.2029 0.4000
at 10 0.2286 0.2823 0.3750
at 15 0.2262 0.2881 0.3738
at 20 0.2268 0.2821 0.3607
at 30 0.2179 0.2583 0.3595
at 100 0.1279 0.1571 0.2054

Table 4: Results of content-and-structure (CAS)
runs with liberal evaluation
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(.. .) there is a strong compatibility

argument for researchers to use the

same methods as each other unless

there is very good reason to depart
from the norm.

From: “Evaluation in information retrieval”. LNCS 1980, Springer, 2000
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In this talk
1. INEX should report the simple, old,
well-understood precision at document

cut-off measures
2. | volunteer, starting today ; -)
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A recipe for well-understood evaluation

 Take INEX 2004 runs

— Report average precision at fixed document
cut-offs (5, 10, 20, 30, 100, 200 and 1500)

e

— Report average overlap at same document
cut-offs (for same topics)

— Only use binary quantisation functions (no
generalised quantisation)

; University of Twente
3 The Netherlands
<o\

Example 1

average precision
cut-off | strict  liberal exhaust. specific| overlap
51 0200 0577 0.359 0.329 | 0.682
10 | 0.162  0.547 0.207  0.329 | 0.768
20| 0.146  0.506 0.266 0.306 | 0.799
30| 0.134 0477 0.226 0.313 | 0.847
100 | 0.087  0.337 0.142 0.239 | 0.894
200 | 0.062 0.244 0.099 0.175 | 0.908
1500 | 0.016  0.073 0.027  0.051 | 0.906

Table 1: Precision and overlap of CO run ibmhaifa3
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average precision
cut-off | striet  liberal exhaust. specific| overlap
5| 0.112 0.341 0.194 0.200 | 0.059
10 | 0.085  0.306 0.159 0.168 | 0.094
20 | 0.063  0.246 0.115 0.138 | 0.125
30 | 0.055  0.230 0.102 0.131 | 0.170
100 | 0.041  0.164 0.073 0.102 | 0.364
200 | 0.028 0.127 0.055 0.077 | 0.509
1500 | 0.011  0.045 0.023 0.027 | 0.868

Table 2: Precision and overlap of CO run 1ip63
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Example 3

average precision
cut-off | strict  liberal exhaust. specific| overlap
51 0172 0.382 0.300 0.218 | 0.700
10 | 0.135  0.318 0.235 0.185 | 0.656

20 | 0.094 0.262 0.175 0.150 | 0.707

30 | 0.072  0.222 0.138 0.130 | 0.714
100 | 0.034  0.134 0.068 0.083 | 0.711
200 | 0.019  0.085 0.040 0.053 | 0.592

1500 | 0.004  0.016 0.008 0.010 | 0.199

Table 3: Precision and overlap of run ucalif0
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average precision
cut-off | strict  liberal exhaust. specific| overlap
5| 0.082 0.329 0.153  0.194 | 0.000
10 | 0.085  0.285 0.144  0.179 | 0.000
20 | 0.062 0.224 0.110  0.141 | 0.000
30 | 0.053  0.202 0.096 0.131 | 0.000
100 | 0.029 0.114 0.048 0.078 0.000
200 | 0.017 0.074 0.028 0.052 0.000
1500 | 0.004  0.019 0.007  0.013 | 0.000

Table 4: Precision and overlap of run utampere0
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Overview of best runs
cut-off at 10 cut-off at 100
run id precision overlap rank | precision overlap rank
ibmhaifa3 0.334  0.768 1] 0201  0.894 1
ibmhaifa0 0.323  0.718 2 0.195  0.881 2
uwaterlooQ 0.300  0.806 3| 0.133  0.899 9
uamsterdaml  0.288  0.935 4 0.158  0.956 3
ibmhaifad 0.285  0.665 51 0.153 0.853 4
cmul 0.214 0618 17 | 0.149 0.814 5
uwaterlool 0.273  0.785 6 | 0.107 0.904 16
uamsterdam(0  0.266  0.882 7 0.139  0.929 6
qutaul 0.263  0.888 & 0126 0942 11
cmu2 0.184  0.621 23| 0.137  0.851 7
Table 5: Well-performing INEX 2004 CO runs: av-
erage precision at cut-off 10 and 100 averaged over
4 quantisations
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Example 6
average precision
cut-off | strict  liberal exhaust. specific| overlap
51 0.239  0.500 0.354 0.346 | 0.554
10 | 0.204  0.458 0.304 0.319 | 0.677
20 | 0.165 0431 0.290 0.273 | 0.769
30 | 0.142  0.409 0.271 0.254 | 0.767
100 | 0.100  0.309 0.180 0.201 | 0.836
200 | 0.079  0.237 0.134 0.159 | 0.900
1500 | 0.030  0.087 0.047 0.060 | 0.830

Table 6: Precision and overlap of run qutau4d

A
&

o University of Twente
:QV ' - ; The Netherlands
Example 7
average precision
cut-off | strict  liberal exhaust. specific| overlap

51 0.246  0.515 0.339 0.377 | 0.177
10 | 0.223  0.496 0.300 0.365 | 0215
20 | 0.190  0.444 0.250 0.325 | 0.240
30 | 0.146  0.383 0.201 0.269 | 0.242
100 | 0.080  0.240 0.107 0.162 | 0.280
200 | 0.059  0.162 0.074 0.117 | 0.297
1500 | 0.021  0.048 0.026 0.038 | 0.316

Table 7: Precision and overlap of run utwente2
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average precision
cut-off | strict  liberal exhaust. specific| overlap
5] 0115  0.400 0.239  0.262 | 0.000
10 | 0.096  0.335 0.192 0.204 | 0.000

20 | 0.106  0.281 0.169  0.196 | 0.000

30 | 0.100  0.263 0.155 0.186 | 0.000
100 | 0.066  0.171 0.095 0.126 | 0.000
200 | 0.047  0.124 0.067  0.093 | 0.000

1500 | 0.017  0.036 0.021 0.030 | 0.000

Table 8: Precision and overlap of run uvamsterdam4

A

\Y

University of Twente
The Netherlands

Overview of best runs

cut-off at 10 cut-off at 100
run id precision overlap rank | precision overlap rank
utwente?2 0.346  0.215 1| 0147 0.280 7
qutau3 0.338  0.915 21 0,180 0.924 3
uamsterdamb  0.332  0.239 3 0.146 0.283 9
qutaub 0.332 0.877 4 | 0.190 0.949 2
qutaud 0.321  0.677 5 0.196  0.836 1
utwentel 0.318  0.150 6| 0,127 0.254 12
ibmhaifal 0.316  0.465 71 0150 0.539 6
uamsterdam3  0.296  0.877 9 | 0.172 0.918 4
cmub 0.205  0.581 21 | 0.150 0.770 5

Table 9: Well-performing INEX 2004 VCAS runs:
average precision at cut-off 10 and 100 averaged over
4 gquantisations
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Conclusion and open issues

» Report precision and overlap at
document cut-offs

« No more generalised quantisation

» Can we combine overlap and precision
meaningfully?
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Raghavan et al.’s conclusion

“Thus, our results here suggest that the
intuitive-PRECALL method, for averaging
purposes, should take precision values over
many queries at fixed ND (number of
documents retrieved), and not NR (number of
relevant documents retrieved).”

From: “A Critical Investigation of Recall and Precision”, ACM TOIS 7(3), 1989
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Homework assignment

» Read the section on propagation rules
in the INEX assessments report

— Consider the query: | want all stuff on IR
that is not related to database research

— //*[about (., “+IR, -—-databases”)]

— Is the INEX propagation rule for
exhaustiveness reasonable in this case?
Explain your answer




